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ABSTRACT
The discipline of psychology is undergoing a credibility revolution whereby researchers are critically evaluating and improving their
research practices. In this review, we consider how the field of relationship science could capitalize on this movement in the context
of four types of validity. Regarding statistical‐conclusions validity, we find that relationship scientists are engaging in open science
practices (e.g., preregistration, open data sharing) at similar rates to other fields in the context of personality and social psychology
journals. However, journals that are specific to the field (i.e., close relationships journals) could domore to encourage these practices.
Meanwhile, new meta‐scientific research suggests that the field would benefit greatly from rigorous, widescale measurement
validation work (construct validity), novel strategies to account for causal confounds (internal validity), and more diverse repre-
sentation in our samples and measures (external validity). Overall, the credibility revolution offers several specific, actionable
recommendations to improve the validity of research findings, many of which are highly relevant to relationship science.

1 | Introduction

The past decade has been marked by a sustained effort to
improve research practices within the field of psychology. This
credibility revolution was first kicked off by a series of high‐
profile events in the early 2010s (e.g., Bem 2011; Open Sci. Col-
lab., 2012; Simmons, Nelson, and Simonsohn 2011), each of
which raised serious concerns about how much we should trust
psychology's published body of work. Subsequently, researchers
developed a suite of new guidelines, tools, and organizations for
improving the transparency, integrity, and overall validity of
psychological research findings (see Nosek et al. 2022; Vazire,
Schiavone, and Bottesini 2022 for recent reviews). This move-
ment is transforming the way that psychologists conduct their
science, both with the uptake of open science practices (e.g.,
Hardwicke et al. 2022), and through the reconsideration of
broader research practices, including measurement (e.g., Flake

and Fried 2020; Hussey and Hughes 2020), statistical (e.g.,
Maul 2017; Westfall and Yarkoni 2016), and sampling practices
(e.g., Moshontz et al. 2018).

The current review centers on a particular subfield within
psychology: the study of close relationships. Relationship sci-
ence, with its roots in the study of attraction and liking, has
close ties to social psychology and personality (Berscheid and
Reis 1998). At the same time, relationship science occupies a
unique interdisciplinary space, spanning research in human
development, communication, and family studies, among other
disciplines (see Sharkey, Feather, and Goedeke 2022 for review).
Relationship science also brings specific methodological con-
siderations, such as the collection of sensitive data from multi-
ple people (e.g., dyads; Kenny, Kashy, and Cook 2006) who are
often studied over time (e.g., Bolger and Laurenceau 2013). Over
the past 10 years, the field of relationship science has intersected
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with the credibility revolution in unique ways, based on these
field‐specific features and considerations (Chopik et al. 2020;
Finkel, Eastwick, and Reis 2015). In the current review, we seek
to showcase recent efforts within relationship science to
improve our research practices, and discuss new improvements
that the field can work toward in coming years.

Recent reviews of the credibility revolution (e.g., Fabrigar, Wege-
ner, and Petty 2020; Vazire, Schiavone, and Bottesini 2022) have
organized the movement according to four types of validity (Cook
and Campbell 1979). Statistical conclusion validity—whether a
study's statistical conclusions are accurate—has received the most
attention to date. However, more recent efforts to improve psy-
chological practices have also focused on construct validity (do
measures capture their intended constructs?) internal validity (are
causal inferences warranted?), and external validity (do findings
generalize)? We have used the same conceptual framework to
organize the present review, by considering specific threats to each
type of validity thatmay emerge in the context of close relationship
research. Note that some of the methodological issues discussed
are of broad importance and therefore transcend these validity
categories; nevertheless, we discuss each issue in the context of the
type of validity that it affects most strongly. Finally, we consider
practical solutions that have, or could, be implemented to help
address these validity concerns.

2 | Statistical Conclusion Validity

The most‐studied type of validity concerns the accuracy of a
study's statistical inferences. For example, imagine a study
showing that people who experience more relationship conflict
are significantly less satisfied with their romantic partners. This
finding is statistically valid to the extent that the study's statistical
conclusion—the significant association between conflict and
satisfaction—is not a false positive (i.e., a Type 1 error). Statistical‐
conclusion validity can be threatened by features of the study
design (e.g., a lack of statistical power), questionable research
practices (e.g., p‐hacking, selective reporting), and error (e.g.,
mistakes in data coding and labeling), among other factors.

Several practices have been developed to combat these problems,
including: (1) Preregistration. Using websites like the Open
Science Framework and AsPredicted.org, researchers can publicly
post their study's analytic plan before running any analyses. This
practice, when used properly, can distinguish between confirma-
tory and exploratory analyses. (2) Power analyses. Does the
study have a sufficiently large sample size to reliably detect (or
falsify) the effect of interest? Counterintuitively, underpowered
studies are at particular risk of generating false positives (e.g.,
Button et al. 2013). (3) Open sharing. Researchers can publicly
post their data, materials and code, allowing other researchers to
verify the reproducibility and robustness of their results.

2.1 | Has Relationship Science Adopted Open
Science Practices?

All three of these practices are more complicated in the context
of close relationships research compared to the standard one‐

shot laboratory experiments where these practices were honed
and developed. Preregistration choices can be complex in the
context of large datasets containing many variables, and the
effectiveness of different preregistration approaches depend on
the goals of the preregistration (e.g., transparency, combating
publication bias, theory falsification, Type‐I error control; da
Silva Frost and Ledgerwood 2020). Power analyses involve more
guesswork when couples and repeated observations are involved
(e.g., Bolger and Laurenceau 2013). Regarding data sharing,
relationships researchers often collect sensitive data that cannot
be shared, at least without careful de‐identification efforts (Joel,
Eastwick, and Finkel 2018). Initial confusion about how to
adapt these practices to close relationships research may have
slowed their initial uptake.

Nevertheless, today there are new tools and guidelines that can
enable relationship scientists to adopt open science practices.
For example, user‐friendly power analysis tutorials have been
released for use with popular relationship modeling techniques,
such as multilevel modeling (Lane and Hennes 2018) and the
actor‐partner interdependence model (Ackerman and
Kenny 2016). Greater conceptual clarity around preregistration
has highlighted how relationships researchers can achieve the
most common goals of preregistration, simply by specifying an
as‐complete‐as‐possible set of analyses that test an idea before
beginning those analyses (Beer, Eastwick, and Goh 2023). A
growing number of services are available to help researchers
share sensitive data (e.g., couples data) while still protecting
participant confidentiality (Joel, Eastwick, and Finkel 2018).
Meanwhile, there have been many high‐profile examples of
open science practices being successfully applied to close re-
lationships research, such as well‐powered, preregistered lon-
gitudinal studies (e.g., Bühler and Orth 2024; Gerlach
et al. 2019), replications (e.g., Cheung et al. 2016; Floyd and
Woo 2020) and registered reports (e.g., Baker et al. 2020; East-
wick et al. 2024; Sakaluk, Fisher, and Kilshaw 2021).

Against this backdrop, what is the adoption rate of open science
practices within relationship science? To gauge the field's cur-
rent open science uptake, we downloaded a total of 1110 articles
on both relationship and non‐relationship topics from relevant
journals published between January 2022 and June 2024. Using
R, we scraped all articles for a series of terms related to open
science practices (e.g., “Open Science Framework”, “AsPre-
dicted.org”, “preregistered”), as well as terms related to not
engaging in these practices (e.g., “not preregistered”, “available
upon request”). Further, we manually coded a subset of articles
(n = 337). Coding scripts and data are available on OSF (https://
osf.io/ukcz6/), and a detailed account of the coding process is
available in the Supporting Information S1.

The scraping and coding results are displayed on Tables 1 and 2,
respectively. These data paint a nuanced picture of open science
engagement within relationship science. On one hand, close re-
lationships papers published in social/personality psychology
journals appear to have rates of open science engagement that are
on‐parwith papers about other topics that are published in social/
personality journals. Notably, these journals tend have guidelines
that specifically encourage and incentivize open science practices
(e.g., requiring statements about power, preregistration, and data
availability). For example, Journal of Personality and Social
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Psychology (JPSP) and Personality and Social Psychology Bulletin
(PSPB) have both adopted the Center for Open Science's Trans-
parency and Openness Promotion (TOP) guidelines. Journals are
awarded TOP scores based on their degree of compliance with
transparency guidelines, with a maximum score of 29 (see rubric
here). JPSP and PSPB both have relatively high TOP scores (20
and 17, respectively).

In contrast, open science engagement specifically within close
relationships journals appears to be quite poor, including when
compared to specialty journals from neighboring fields (e.g., so-
cial cognition). It is worth noting that the close relationships
journals tend to have fewer guidelines encouraging open science
adoption. Whereas Social Cognition and JRP have TOP scores of
11 and 21, JSPR, PR, and JMF have TOP scores of 4, 1, and 0,

TABLE 1 | Scraping for open science terms by topic and by journal.

Journal n OSF
As‐

predicted
Not

preregistered
Available upon

request
Papers in social/Personality journals JPSP (Section 1) 81 91% 28% 26% 1%

JPSP (Section 2) 86 92% 31% 24% 5%

JPSP (Section 3) 94 96% 5% 36% 5%

Social cognition 59 92% 8% 8% 5%

JRP 221 72% 1% 45% 4%

Total 541 84% 12% 33% 4%

Relationship papers in
social/Personality journals

JPSP 18 100% 23% 23% 8%

PSPB 24 83% 4% 21% 4%

SPPS 21 95% 10% 29% 0%

Total 63 90% 11% 24% 5%

Papers in relationships journals JSPR 432 29% 1% 74% 25%

PR 37 19% 0% 11% 8%

JMF 55 13% 0% 0% 18%

Total 524 27% 1% 62% 23%
Note: Note that articles sampled from the Social Cognition and JRP were primarily about non‐relationship topics; therefore, these journals were excluded from
relationship‐specific coding analyses.
Abbreviations: JMF, Journal of Marriage and Family; JPSP, Journal of Personality and Social Psychology; JRP, Journal of Research in Personality; JSPR, Journal
of Social and Personal Relationships; PR, Personal Relationships; PSPB, Personality and Social Psychology Bulletin; SPPS, Social Psychological and Personality
Science.

TABLE 2 | Manual coding for open science practices by topic and by journal.

Journal n
Pre‐

registration
Power
analysis

Open data
sharing

Papers in social/Personality journals JPSP (Section 1) 25 76% 96% 96%

JPSP (Section 2) 50 74% 72% 86%

JPSP (Section 3) 25 64% 52% 92%

Social cognition 25 52% 92% 80%

JRP 25 24% 60% 52%

Total 150 61% 74% 82%

Relationship papers in social/Personality
journals

JPSP 18 78% 72% 94%

PSPB 24 33% 88% 54%

SPPS 21 48% 52% 76%

Total 63 51% 71% 73%

Papers in relationships journals JSPR 50 14% 12% 28%

PR 37 5% 19% 16%

JMF 55 0% 9% 4%

Total 142 6% 13% 15%
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respectively. The policies that have been enacted are reflected in
the data. For example, JSPR requires a data availability statement,
whereas JMF does not. Of the articles we manually coded, 28% of
JSPR papers shared the data from at least one study, compared to
4% of JMF papers. Of course, we cannot draw strong causal con-
clusions from these exploratory, descriptive results. Nevertheless,
the data are consistent with the argument that journal policies
have considerable power to shape open science practices within
the field. Relationship scientists appear to be willing and able to
preregister studies, conduct power analyses, and share data when
incentivized to do so.

In sum, our results suggest that relationship science has made
meaningful strides toward adopting open science practices
(specifically, preregistration, power analyses, and open data
sharing). However, adoption of these practices is lagging within
the specialty close relationships journals. Policies that explicitly
encourage these practices could go a long way toward encour-
aging their adoption in the context of those journals.

3 | Construct Validity

Whereas psychology's meta‐scientific efforts in the 2010s were
largely focused on improving the validity of statistical conclusions,
the credibility movement has more recently shifted attention to
other aspects of the research process, particularly measurement. A
growing body of research suggests that measurement problems
pose a meaningful threat to the validity of psychological findings
(e.g., Elson et al. 2023; Flake and Fried 2020; Hussey and Hughes
2020; Lilienfeld and Strother 2020; Maul 2017; Schimmack 2021).
One investigation probed the validity of 15 commonly used mea-
sures from social psychology and personality (Hussey and
Hughes 2020). In a very well‐powered sample (N= 144,496), many
of these measures failed various structural validity tests; only 73%
fit their expected factor structures, and only 4% (one of the 15
scales) showed evidence of measurement invariance for age and
gender.1 Further, recent reviews of papers published in Journal of
Personality and Social Psychology suggest that self‐report measures
(Flake, Pek, and Hehman 2017) are frequently created “on the fly”
for a specific study, with very little validity testing or evidence.
Thus, psychology suffers fromaproliferation of unstandardized, ad
hoc measures, most of which are used only a handful of times
(Elson et al. 2023). Even when measures are subjected to validity
testing, there is evidence that popular methods of doing so (e.g., by
examining the measure's reliability, factor structure, and correla-
tions) do not provide sufficiently rigorous tests of a measure's
construct validity (Maul 2017).

3.1 | Construct Validity Threats and Relationship
Science

The field of relationship science possesses an enormous wealth of
constructs and associated measures pertaining to close relation-
ship functioning (see Finkel, Simpson, and Eastwick 2017 for
review). To date, there have been relatively few attempts to
interrogate the content, structure, and performance of these
measures at large. However, the studies that have done so (e.g.,

CORELab 2024; Delatorre andWagner 2020; Joel et al. 2020; Kim
et al. 2024) raise important concerns about the state of construct
validity within relationship research: the extent to which these
measures are valid representations of their intended constructs.
Below, we focus on two specific threats to construct validity and
their relevance to relationship science: jingle‐jangle fallacies, and
shared method biases.

3.1.1 | Jingle‐Jangle Fallacies

Jingle‐jangle fallacies (Kelley 1927) occurwhen ostensibly similar
measures are in fact representing different constructs (jingle), or
when ostensibly distinct measures represent the same construct
(jangle). Emerging meta‐scientific research in relationship sci-
ence points to jangle measurement issues in particular regarding
the construct of relationship quality. Relationship quality—a
person's global evaluation of whether their relationship is good
or bad—is a central construct within relationship science. Yet,
this construct remains conceptually fuzzy, such that researchers
reasonably disagree about what falls within versus outside its
bounds.Many of thewidely usedmeasures of relationship quality
were originally developed atheoretically and without sufficient
validity testing (Delatorre and Wagner 2020). There is a lack of
consensus about terminology (terms such as satisfaction, adjust-
ment, and quality are used in the literature interchangeably),
whether relationship quality is unidimensional or multidimen-
sional, as well as what (if anything) the multiple dimensions of
relationship quality might be (CORE Lab 2024; Delatorre and
Wagner 2020). Meanwhile, one research project investigated a
series of bifactor models conducted on over 30 measures of
ostensibly different relationship constructs (trust, conflict, power,
etc.) across two representative samples (combinedN= 3439; Kim
et al. 2024). Results suggested that over 70% of the covariance
across these measures was captured by a single global evaluative
factor, withweak evidence for any additional, substantive factors.
In other words, after removing the evaluative core that connected
these items, there was no evidence that distinct, coherent factors
remained (i.e., items assessing “trust,” e.g., were no more related
to each other than they were to items assessing “conflict”). Many
measures intended to capture distinct relationship domains may
in fact be primarily capturing relationship quality.

3.1.2 | Shared Method Biases

Another threat to construct validity is when the measure inad-
vertently taps into methodological artifacts. Different measures
can have overlapping variance not because of their substantive
content, but because of the way the measures were collected
(Podsakoff et al. 2003, 2024). Shared method biases such as the
participant's response style or current mood may lead a person
to answer different survey measures in a similar way, artificially
inflating the associations between those measures. Researchers
in fields such as organizational research (Williams and McGo-
nagle 2016), marketing (Baumgartner, Weijters, and Piet-
ers 2021), advertising (Malhotra, Schaller, and Patil 2017), and
management (Jakobsen and Jensen 2015) have demonstrated
the seriousness of common method variance as a validity threat,
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and developed strategies to address it. Recommended proce-
dural remedies include collecting data at different timepoints,
and/or from multiple sources (Podsakoff, MacKenzie, and
Podsakoff 2012). Recommended statistical remedies include
detecting and isolating method factors with the use of structural
equation modeling (e.g., Ding, Chen, and Jane 2023) and
marker variables (e.g., Williams and O'Boyle 2015).

Comparatively few papers have attended to method biases
specifically within relationship science (see Joel et al. 2024;
Orth 2013; Wang and Eastwick 2020 for exceptions). However,
the field's strong reliance on self‐report methods (Williamson
et al. 2022) suggests that its findings should indeed be suscep-
tible to method biases, akin to those that have been uncovered
in other self‐report‐heavy fields (e.g., social desirability bias,
Nederhof 1985; halo bias, Nisbett and Wilson 1977; the bloated
specific, Rhemtulla, Borsboom, and van Bork 2017). One
relationship‐specific source of method bias that has received
surprisingly little attention is sentiment override. When a person
is happy with their romantic partner, those positive sentiments
can greatly shape their perceptions of more specific aspects of
their partnership (Weiss 1980). This phenomenon has been
well‐documented in the context of couple interaction studies:
couples come into the lab with expectations about how their
interaction with their partner will go, which in turn shape their
perceptions of how the interaction went (Fincham et al. 1995;
Hinnekens et al. 2020; McNulty and Karney 2002; Waldinger
and Schulz 2006). In the context of self‐report surveys, senti-
ment override may function as a heuristic to help people arrive
at specific relationship judgments (“I love my partner a lot, so
they probably did the dishes yesterday”). Methodologically, this
process may make it difficult for researchers to accurately cap-
ture specific aspects of a relationship (“My partner did the
dishes yesterday”) without inadvertently capturing global sen-
timents as well (“I love my partner”).

We have already discussed recent evidence suggesting that
ostensibly different relationship measures are primarily tapping
into global relationship evaluations, rather than their intended
constructs (Kim et al. 2024). However, even if we accept a
softened version of this argument—whereby different self‐
report measures partially tap into global relationship senti-
ments in addition to their intended constructs—that shared
method effect would nevertheless pose an important problem
for relationship science. To demonstrate, researchers recently
generated a relationship scale consisting of irrelevant focal
words (e.g., “The daffodil in my relationship is close to ideal”;
Joel et al., 2024). Despite the items having no clear substantive
meaning, this scale was moderately correlated with other rela-
tionship measures, and predicted relationship outcomes 3 weeks
later. Qualitative and quantitative evidence suggested that this
nonsensical scale was in fact tapping into people's current
relationship evaluations. Overall, these results suggest that
sentiment override—whereby people project their global rela-
tionship sentiments onto any relationship‐relevant item—can
result in inflated or even spurious associations between mea-
sures. A relationship measure can appear to predict important
outcomes not because of the substantive construct it is intended
to represent, but because any measure that asks participants to
report on a relationship—however nonsensical—will capture
global sentiments.

3.1.3 | Coding the Prevalence of Single‐Source Effects

How vulnerable are close relationship findings to common
method variance problems? To find out, we re‐examined the
coding results from Williamson et al. (2022), using the data that
the authors made available on OSF. Specifically, we examined
how frequently close relationships papers rely on self‐report
data, collected from the same person at the same timepoint.
Common method variance should be particularly high for these
effects (Podsakoff et al. 2003), meaning that they should be
particularly susceptible to method biases like sentiment over-
ride, the halo bias, and the social desirability bias, among others.

Williamson et al. (2022) coded the data collection methods of
771 relationship papers. Self‐report was indeed the most com-
mon form of measurement (96% of studies), followed by
behavioral observation (i.e., video and/or audio; 11%). Other
measurement approaches, such as open‐ended measures (e.g.,
interviews; 3%) and physiological measures (2%), were relatively
rare. Further descriptive analysis of Williamson et al.’s data
(available in their supplemental materials) shows that 83% of
papers used self‐report as their only form of measurement.
Recruiting dyads (e.g., both members of a couple) was relatively
common (42%), as was the use of longitudinal (24%), experi-
mental (19%), and diary methods (9%). Nevertheless, 30% of
papers used only individual, cross‐sectional, non‐experimental
data. Finally, 27% of papers reported on only self‐report mea-
sures collected in the context of individual, cross‐sectional, non‐
experimental data, which are likely to be highly susceptible to
shared method variance issues.

We also completed our own descriptive coding for 95 close re-
lationships articles, sampled from JPSP (n = 21) and JSPR
(n = 74; see Supporting Information S1 for details). Corrobo-
rating the Williamson et al. (2022) data, a sizable number of
these papers reported on data collected either from multiple
people (38%), from multiple timepoints (46%), with the use of
experimental methods (17%), or behavioral observations (15%).
Nevertheless, and consistent with the 27% result from Wil-
liamson et al. (2022), 35% of the papers we coded used only
cross‐sectional, non‐experimental, self‐report evidence collected
from one person. Again, such papers should be highly suscep-
tible to the sort of shared method variance problems discussed
by Podsakoff and colleagues (2024).

It may be tempting to conclude from these findings that rela-
tionship scientists should simply move away from self‐report.
However, emerging work suggests that alternative measurement
options can face even larger validity threats. For example, implicit
measures—which aim to assess thoughts and feelings via auto-
matic processes—have gained considerable popularity as an
alternative to self‐report. Yet, many implicit measures have been
shown to have low internal consistency (Greenwald and
Lai 2020), low test‐retest reliability (Gawronski et al. 2017), and
poor discriminant validity (Schimmack 2019), among other is-
sues. A recent review of their relative advantages and disadvan-
tages concluded that “self‐reports are most often the better
measurement option” (Corneille and Gawronski 2024). As
another example, many researchers who study individual differ-
ences (e.g., risk‐taking preferences, self‐control) have attempted
to move away from self‐report by instead assessing real behavior
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in the laboratory. Yet, compared to self‐report, these behavioral
measures often show weaker convergence across measures and
lower test‐retest reliability (e.g., Dang, King, and Inzlicht 2020;
Frey et al. 2017). Together, these findings underscore the
importance of interrogating any measure chosen to represent a
given construct, self‐report or otherwise.

In sum, there is a pressing need for the field of close relation-
ships to rigorously re‐examine the validity of its measures. Like
in any field, the validity of close relationship findings hinges
upon adequate construct validity, which can be undermined by
various measurement problems (e.g., jingle‐jangle fallacies,
shared method biases). It is time to take greater advantage of the
tools and recommendations that have been developed in related
research areas to assess and improve our measurement prac-
tices. Recent efforts to re‐examine close relationship measures
have focused on self‐report (e.g., CORE Lab 2024; Delatorre and
Wagner 2020; Kim et al. 2024); these efforts should be heeded
and expanded upon. At the same time, researchers who seek to
reduce their reliance on self‐report must carefully consider and
test the validity of other measurement approaches. Overall,
large‐scale validity assessments—which have been quite rare
within relationship science to date—will be crucial for incr-
easing confidence in the validity of our constructs.

4 | Internal Validity

A third type of validity being re‐examined by the credibility
revolution is internal validity. Are our causal inferences valid,
and have plausible alternative explanations been convincingly
ruled out?

4.1 | The Challenge of Ruling Out Confounds

Researchers who use correlational designs often attempt to
strengthen their causal claims by controlling for third variables.
For example, a researcher interested in the effects of conflict
strategy might control for the related influences of conflict fre-
quency by adding it as a covariate to the model. However, recent
meta‐scientific papers have questioned the effectiveness of this
strategy, at least as it is typically used (e.g., Rohrer 2018;
Westfall and Yarkoni 2016; Wysocki, Lawson, and Rhem-
tulla 2022). There are two potential pitfalls to consider. The first
is that researchers often include control variables simply
because they are related to the construct of interest (Wysocki,
Lawson, and Rhemtulla 2022), without careful consideration for
their causal role in the model (Rohrer 2018). Poorly justified
covariates can introduce bias by parsing out relevant sources of
variance (e.g., a person's conflict strategy may have a great deal
to do with their conflict frequency). Notably, this bias can go in
either direction, meaning that poorly selected covariates have
the potential to generate spurious, significant effects.

A second pitfall is measurement error, which renders many
attempts at statistical control incomplete. Covariates are often
used in the context of regression‐based models (e.g., multiple
regression models, multilevel models), which assume that each
measure perfectly represents its intended construct (i.e., they do

not model measurement error). Using simulated data, Westfall
and Yarkoni (2016) demonstrated that even modest amounts of
measurement unreliability can produce enormously inflated
Type I error rates in this kind of model—in some cases even
approaching 100%. In other words, even if a predictor in a
regression is associated with an outcome above and beyond an
appropriately selected covariate, that predictive association is
still likely to be spurious unless measurement error has been
modeled.

These critiques, lobbied at the field of psychology broadly, are
highly relevant to relationship science. Particularly given the
prevalence of non‐experimental approaches (Williamson
et al. 2022), the causal conclusions of close relationships studies
rely heavily on the ruling out of potential confounds (see
Kenny 2019). Many close relationships studies attempt to rule
out confounds with the use of longitudinal or daily experience
designs, which separate within‐person from between‐person
variance. Although such designs can certainly be helpful for
making causal inferences, they do not necessarily account for
confounds that can vary across time along with the variables of
interest (e.g., mood, stress, health; Rohrer and Murayama 2023).
Statistically controlling for third variables is also common,
particularly as a way to test the incremental validity of a new
construct (Wang and Eastwick 2020). However, relationship
science tends to favor statistical techniques that do not incor-
porate measurement error, particularly multilevel modeling (see
Sakaluk et al. 2024 for review). As Wang and Eastwick (2020)
discuss, structural equation modeling may be better suited
to address the Type 1 error risks laid out by Westfall and
Yarkoni (2016).

4.2 | Experimental Approaches

Although somewhat uncommon, experimental approaches in
relationship science can be both creative and informative. For
example, the classic “fast friends” paradigm is a highly effective
procedure for generating real feelings of closeness between
people in a lab environment (Aron et al. 1997). Trained actors
can be effective for demonstrating the causal effects of different
social behaviors, particularly in the context of interactions with
strangers (e.g., Reis et al. 2010). In the context of ongoing close
relationships, virtual reality technology has opened avenues for
creating immersive yet controlled experimental paradigms. In
one study, participants in a virtual environment were asked to
walk along a cliff overlooking a canyon while an avatar,
ostensibly representing their romantic partner, was randomly
assigned to be either attentive (waving, nodding, etc.) or inat-
tentive (oriented away from the participant; Kane et al. 2012).
For a more “in vivo” approach, some studies have randomly
assigned people to real relationship experiences, such as marital
interventions (e.g., the marriage checkup; Cordova et al. 2014),
and relationship choices (e.g., the decision to merge finances
with a spouse; Olson et al. 2023).

Like other empirical tools (e.g., self‐report measures), the validity
of an experiment rests partly on the construct validity of its
manipulation. Experimental manipulations should therefore be
carefully validated to ensure that they are indeed manipulating
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their construct of interest as intended (Cook and Campbell 1979).
Yet, the practice of validating experimental paradigms is lacking
within the broader personality and social psychology literature. A
review of experimental studies published in Journal of Personality
and Social Psychology in 2017 found that most experimental
manipulations (80%) were created ad hoc for the purposes of a
particular paper (Chester and Lasko 2021). Further, many of the
studies reviewed (42%) didnot include any validation evidence for
their manipulation beyond face validity (i.e., no pilot studies, no
manipulation checks, and no prior studies that used the manip-
ulation). Going forward, Chester and Lasko (2021) recommend
that researchers (a) use previously published manipulations
whenever possible, (b) validate their manipulations with pilot
studies, and (c) include manipulation checks in pilot testing
(which should have ideally been validated in prior work). Re-
searchers should also consider including measures of related yet
distinct constructs (i.e., discriminant validity checks), to show
that the manipulation only weakly influences related constructs,
and does not influence unrelated constructs.

These recommendations are sound advice for experimentalists
broadly, including those who are interested in interpersonal
processes. A key challenge for experimental designs is that it can
be very difficult to manipulate a specific construct without
inadvertently manipulating other variables as well (Ero-
nen 2020). Yet, the inclusion of discriminant validity checks—
measures that an experimental manipulation should affect
weakly or not at all—is rare in psychological experiments (for a
study that includes such a check, see da Silva Frost and East-
wick 2024). In the context of close relationships research, it
seems particularly worthwhile to ensure that relationship ma-
nipulations target their intended constructs and not others,
given that many relationship constructs have a high degree of
conceptual overlap (see CORE Lab 2024; Kim et al. 2024). For
example, imagine that a researcher attempts to manipulate trust
by asking participants to recall a time when their romantic
partner let them down. The researcher may validate their
manipulation with a manipulation check and show that indeed,
the manipulation temporarily lowers feelings of trust. However,
to further increase confidence in the validity of the manipula-
tion, it would be valuable to also include discriminant validity
checks (e.g., gratitude, commitment, satisfaction), to show that
the manipulation does not influence other, related relationship
evaluations to a similar degree. An experimental manipulation
intended to manipulate something specific (e.g., trust) that in
fact manipulates something broader (e.g., global satisfaction)
would pose an important confound for the resulting study, just
as it does in other fields (Eronen 2020).

In sum, there has been little meta‐science examining the role of
causal confounds in relationship science. The relevant data we
do have suggest that, together with construct validity threats,
internal validity threats are worthy of careful re‐examination in
the context of close relationships research. As a first step, it is
recommended that relationship scientists adopt techniques that
are capable of incorporating measurement error, such as
structural equation modeling (Sakaluk et al. 2024; Wang and
Eastwick 2020). New techniques and packages for this express
purpose are increasingly available to relationship scientists,
such as dySEM (Sakaluk and Camanto 2024). Partnerships with
experimentalists should also be encouraged. Finally, researchers

should follow current best practices regarding the validation of
experimental paradigms (Chester and Lasko 2021).

5 | External Validity

At last, we turn our attention to external validity: how general-
izable are our research findings? Building on discussions around
psychology's replicability (e.g., Open Sci. Collab., 2012) and
measurement challenges (e.g., Flake and Fried 2020), there are
growing concerns that psychology also faces generalizability
challenges, whereby findings do not necessarily extend beyond
the particular contexts in which they were tested. For example,
continuing with the issue of construct validity, researchers often
assume that the stimuli used in their studies are perfect stand‐ins
for their intended constructs (e.g., Yarkoni 2022). If this
assumption is violated, it becomes harder to generalize from a
given statistical finding (e.g., “participants assigned to Experi-
mental Condition X provided higher scores on Self‐Report Mea-
sure Y”) to a more interesting verbal conclusion (e.g., “conflict
decreases relationship satisfaction”). Indeed, a recent ManyLabs
investigation showed that different research teams tend to reach
very different conclusions about the same research questions,
likely due to the heterogeneity in their measurement and design
choices (Landy et al. 2020).

Another key generalizability critique is that psychology samples
tend to be highly unrepresentative of the broader population (e.g.,
Brady, Fryberg, and Shoda 2018; Cheon, Melani, and Hong 2020;
Gurven 2018; Henrich, Heine, and Norenzayan 2010; Rad, Mar-
tingano, and Ginges 2018; Sabik et al. 2021; Thalmayer, Tosca-
nelli, and Arnett 2021).2 A review of articles published in
Psychological Science found that most samples were from North
American and European countries, particularly the United States
(Rad, Martingano, and Ginges 2018). Asia, Africa, and Latin
America were all dramatically underrepresented; indeed, 0% of
Psychological Science articles published in 2017 included samples
from either Africa or Latin America. Further, most papers did not
provide demographic information such as race or ethnicity (80%),
SES (92%), or education level (48%), preventing the authors from
even drawing conclusions about sample diversity along these
dimensions. Publications are particularly likely to emphasize race
or nationality when the sample is not primarily white or Amer-
ican, respectively, suggesting that researchers see white, Amer-
ican samples asmore representative and generalizable than other
samples (Cheon, Melani, and Hong 2020). Overall, psychology
has traditionally focused on theperspectives of a very specific slice
of humanity (white, American, educated, heterosexual, able‐
bodied, affluent people), and assumed that those perspectives
generalize globally. This practice seriously undermines the
external validity of research findings while also reinforcing racial
and cultural power structures (Brady, Fryberg, and Shoda 2018;
Remedios 2022; Syed and Kathawalla 2022).

5.1 | How Generalizable Is Close Relationships
Research?

There have been numerous efforts to document the diversity, or
lack thereof, of samples within relationship science (e.g., Karney,
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Kreitz, and Sweeney 2004;McGorray et al. 2023; Pollitt, Blair, and
Lannutti 2023; Randall and Curran 2023; Williamson et al. 2022).
In one review,Williamsonet al. (2022) coded771 articles fromfive
top relationship journals from 2014 to 2018. In line with the
broader psychology literature (e.g., Rad, Martingano, and
Ginges 2018), the vastmajority of the sampleswere recruited from
the United States (73%), other English‐speaking countries (12%),
and Europe (10%). In contrast, Asia (3%), Latin America (< 1%),
Africa (< 1%) were almost entirely unrepresented. Within the US
samples, white participants were oversampled relative to the US
population.Meanwhile, the specific racial identities of non‐white
participants (e.g., Asian, Black, Indigenous) were underreported,
creating challenges for the coding team.Relationship journals can
help combat this problem by requiring complete, detailed de-
mographic records about participants. Some journals have
already adopted this practice; for example, JSPR now strongly
encourages researchers to report on relevant details about their
samples, such as race/ethnicity, gender identity, sexual orienta-
tion, age, and the location of data collection. Guidelines at PSPB
(inspired by theACEMAP task force; Ledgerwood et al. 2024) note
howparticular cultural contexts render some demographicsmore
relevant and salient than others (e.g., caste or religion may be
particularly salient in some world regions).

In another recent review, McGorray et al. (2023) coded 1762
studies from 1084 articles on close relationships, published be-
tween 1996 and 2000 and between 2016 and 2020. Some sampling
and reported practices had improved over the last 20 years (e.g.,
the reporting of sexual orientation and race). However, sample
diversity remained quite low across time; for example, most
samples at both timepoints were recruited from the US, and the
median percentage of LGBTQþ participants within samples was
0%. LGBTQ þ participants are often intentionally excluded from
relationship research (Andersen and Zou 2015); indeed, some
analytical approaches are designed specifically for usewith other‐
sex couples (distinguishable dyads). Further, as in psychology
more broadly (e.g., Cheon, Melani, and Hong 2020), there was
evidence that researchers treated white American participants as
the default. For example, mirroring the results of Williamson
et al. (2022), race was often reported in a way that centered
Whiteness, lumping all other racial categories together (“the
sample was 63% white”).

Relationship science's lack of sample diversity has implications
for the generalizability not only of its findings, but also its mea-
sures. Measures are typically assumed to capture the same con-
structs when administered to different groups. However, this
assumption of measurement invariance cannot be directly tested
unless the measures are validated with sufficiently diverse sam-
ples. For example, observational coding schemes used for couple
interaction research have been primarily developed with white,
American, heterosexual couples (Friedlander, Lee, and Escu-
dero 2019); their validity in more diverse contexts remains un-
known. Assuming measurement invariance where there is none
can lead to biased results and false positives (e.g., Jeong and
Lee 2019). Meanwhile, results of a recent registered report on
dyadic measurement invariance suggest that some important
relationship measures (e.g., commitment and sexuality mea-
sures) are not even invariant across gender (Sakaluk, Fisher, and
Kilshaw 2021).

A robust, generalizable literature requires diversity in terms of
not just the participant samples, but also the researchers
themselves. When White Western researchers develop psycho-
logical theories and methodologies without incorporating
diverse perspectives, they often assume that their resulting
scholarship is objective and neutral, when it is in fact steeped in
unacknowledged cultural biases (Lewis Jr 2021). For example,
much of the relationship communication literature is built on
the idea that open, direct communication strategies are superior
to indirect communication strategies. Yet, this is likely a
culturally specific principle—based on individualistic values—
that may not generalize well to cultures outside of North
America (Williamson 2024a). Most problematically, North
American models of “effective communication” have frequently
been exported to other cultures with the implicit assumption
that they are universal. For example, marriage and family
therapists in East Asia are frequently trained in practices orig-
inally developed in the United States (Tseng et al. 2020). Such
practices need to be adapted to local cultural contexts. For
example, one research team recently developed a set of core
competencies for family therapists in Taiwan (the Taiwan
Family Therapist Core Competencies; Chao and Lou 2018).
Overall, findings are likely to be more generalizable when
diverse voices are incorporated at every stage of the research
process.

5.2 | Improving the Diversity and Generalizability
of Relationship Research

An important initial step toward improving the generalizability
of relationship research is for researchers to more accurately
situate their results within the context of their samples
(McGorray et al. 2023; Williamson et al. 2022). In addition to
providing detailed participant demographics, researchers can
include a Constraints on Generality statement that specifies
which populations their findings could or could not reasonably
be expected to generalize to (Simons, Shoda, and Lindsay 2017).
More ambitiously, researchers can utilize new tools and para-
digms to greatly diversify both their samples and their collab-
orative teams (e.g., Williamson 2024b), such as Many Labs (e.g.,
Klein et al. 2014) and the Psychological Science Accelerator
(Moshontz et al. 2018). For example, one recent collaboration
partnered with the Psychological Science Accelerator to
examine ideal partner preferences across 43 countries and 22
languages (N = 10,358; Eastwick et al. 2024). This project pro-
vided both a large‐N replication of prior (semi‐contentious)
findings while simultaneously documenting the degree to which
these findings varied across different cultural contexts.

Finally, there is much that could be done to improve the
generalizability of relationship science's methodologies. In the
context of self‐report measures, this work could include trans-
lating popular measures into different languages (Benet‐Marti-
nez 2007), and probing them for measurement invariance (e.g.,
Ogan and Kanter 2024), including at the dyadic level (Sakaluk,
Fisher, and Kilshaw 2021). In some cases, new or adapted
measures may be required to capture culturally specific phe-
nomena that are missed by existing instruments. Meanwhile,
tools for behavioral observation (e.g., couple observation

8 of 13 Social and Personality Psychology Compass, 2025

 17519004, 2025, 2, D
ow

nloaded from
 https://com

pass.onlinelibrary.w
iley.com

/doi/10.1111/spc3.70042 by Sam
antha Joel , W

iley O
nline L

ibrary on [18/02/2025]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense



paradigms and coding schemes) could be modified to be more
appropriate across different cultural contexts (Friedlander, Lee,
and Escudero 2019; Williamson 2024a).

6 | Conclusions

The discipline of psychology is in the midst of a methodological
renaissance, whereby researchers are critically re‐examining
best practices for every stage of the research process. We posit
that, like other fields, relationship science has a great deal to
gain from this movement. In addition to continuing to
encourage the adoption of open science practices (e.g., prereg-
istration, power analyses, and data sharing), there are many
exciting new approaches and tools the field could adopt to help
improve the credibility of its findings. The field would strongly
benefit from large‐scale validity assessments of its self‐report
measures (e.g., CORE Lab 2024; Kim et al. 2024), as well as
its experimental manipulations (Chester and Lasko 2021),
observational coding schemes (e.g., Williamson 2024a), and
other forms of assessment. Stronger efforts should be made to
account for method biases (e.g., Joel et al. 2024; Orth 2013), such
as with the use of structural equation modeling (Sakaluk
et al. 2024; Wang and Eastwick 2020). Large, multi‐lab collab-
orations (e.g., with the Psychological Science Accelerator,
Moshontz et al. 2018) may hold particular promise for helping
to diversify the field's samples, measures, and researchers.
Overall, measurement challenges seem poised to take center
stage in relationship science in future years, particularly as the
field seeks to become more globally representative.
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Endnotes
1 Although measurement invariance is treated as a dichotomous test in
this paper (which 14 of 15 tested measures failed), measurement
invariance is really a spectrum, such that somemeasures possessmore or
less invariance than others (see critique by Wetzel and Roberts 2020).

2We have avoided using the popularized WEIRD acronym (Western,
Educated, Industrialized, Religious, Democratic), because its di-
mensions have been criticized for being atheoretical and reductionist
(e.g., Rochat 2010; Sakaluk and Daniel 2022; Syed 2021). The frequent
dichotomizationof “WEIRD”versus “non‐WEIRD”countries artificially
lumps certain categories together (e.g., not all educated, industrialized
countries are Western). Meanwhile, the acronym entirely ignores the
role of race.
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